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Abstract A diverse set of estrogens and selective estrogen
receptor modulators (SERMs) whose relative binding affin-
ities (RBAs), with respect to 17β-estradiol are known, are
automatically docked into a particular estrogen receptor
alpha and beta (ERα and ERβ) in silico, utilizing the
Lamarckian genetic docking algorithm and the potentials of
mean force (PMF) function. After division into distinct clas-
ses (estrogens, SERMs), the ligands are ranked based upon
the calculated ligand:receptor interaction energies, as well
as experimental RBAs. Comparison of both rankings shows
good agreement within the distinct ligand classes. The pre-
sented results indicate that the PMF may be applied to the
estrogen receptor:ligand complexes, and the ranking of lig-
ands within distinct classes is a very useful pre-screening tool
for development of novel estrogen receptor ligands.

Keywords Estrogen receptor · PMF · Lamarckian genetic
algorithm · SERM · Estradiols · Docking

1 Introduction

According to the National Cancer Institute, based on current
rates, 13.2% of women born today will be diagnosed with
breast cancer at some point of time in their lives. This esti-
mate is based on cancer statistics for the years 2000 through
2002. Estimated lifetime risk of breast cancer has increased
gradually over the past several decades [1]. According to the
Centers for Disease Control and Prevention, breast cancer is
the second most commonly diagnosed cancer among Amer-
ican women, and is second to lung cancer as the leading
cause of cancer-related deaths among women. The estimates
for 2004 included 215,990 new cases of invasive breast can-
cer being diagnosed, and 40,580 deaths reported. (American
Cancer Society, “Cancer Facts and Figures”, 2004).
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In 1993, a pathway was put forth as the model for potential
breast cancer disease [2]. It was not until a few years later
that earlier models were revised to include another molecule,
a co-activator, that aided in allowing the complex to func-
tion as a transcription activating factor [3]. Since that time,
we have come to understand that there are co-activators and
also co-repressors. Taken together, this group of molecules
is collectively known as co-regulators. At present, it is not
clear how these molecules are discriminated in vivo.

Much work has been done on analytical methods to detect
this myriad of complicated interactions leading to this dis-
ease. However, if we are going to fully explore the disease,
and multiple target candidates for drugs, it seems sensible that
an in silico screening method be evolved to examine potential
protein:protein interactions along with potential drug can-
didates to derive thermodynamic data that will allow us to
compare this to in vitro studies, and perhaps even use these
in silico methods to design drug candidates for this disease
to be used for in vitro studies. This can be accomplished by
using computer modeling software that will allow for dock-
ing of small molecules into receptor proteins and deriving
thermodynamic data as determined by the three-dimensional
orientation, as well as many other parameters.

In this paper we present a validation model to show in sil-
ico studies match well with empirical relative binding affinity
data, and show that much work may be done with this tech-
nique that has heretofore not been used to study this disease.

2 Materials and methods

I. General preparation
The crystal structure of estrogen receptorβ (ERβ) complexed
with genistein (1QKM) [4], estrogen receptor α (ERα) com-
plexed with tetrahydroisoquinoline (1XQC) [5], and ERα
in complexation with 17β-estradiol (1A52) [6], were ex-
tracted from the Research Collaboratory for Structural Bio-
informatics Protein Data Bank (RCSB PDB) [7]. Molecules
with known physiological properties (Figs. 1, 2) were se-
lected to be docked into the ligand binding domain of the



306 G. Kiss, N.W. Allen

17β–estradiol (E2β) 17α-estradiol (E2α)

Androstenediol Norethindrone

Diethylstilbestrol (DES) Dienestrol Genistein

Fig. 1 Estrogen receptor agonists

three receptors. Subsequently, the selected ligands were di-
vided into two categories (ligand subsets): estrogens (estro-
gen receptor agonists) and SERMs.

II. Preparation of protein structures
To prepare the structure for the calculations, hydrogens,
missing amino acids and missing atoms were added to each
structure. The added atoms and residues were optimized us-
ing molecular mechanics (MM2) [8, 9] with a convergence

threshold of 0.0001 kcal/mol, keeping the remainder of the
structure locked at their defined coordinates.

III. Preparation of ligand structures
The geometries were optimized using the Hartree Fock
method (HF/6-31G**) in Gaussian 03 [10] followed by molec-
ular dynamics (MD) simulations using CAChe WorkSystems
Pro [11]. The molecular dynamics searches were done to
perform conformational searches. The excited ligand struc-
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Fig. 2 Selective estrogen receptor modulators (SERMs)

tures obtained from the MD calculation were optimized with
molecular mechanics (MM2) [8, 9], followed by Hartree
Fock geometry optimization (HF/6-31G**).

IV. Trial docking
Trial dockings with various sets of genetic docking algorithm
(GA) [12] parameters were done to determine the optimal
parameter set for the GA. The criteria for an optimal param-
eter set included dock score reproducibility and dock score
optimization.

V. Validation docking
Validation dockings were done for each of the receptor struc-
tures using CAChe WorkSystems Pro. The root mean square
deviation between the native, co-crystallized ligand and its

docked copy was calculated for each of the three validation
dockings (Figs. 3–5).

VI. Docking
Amino acid residues within a distance of 10 Å of the original
crystal structure ligand were selected as the active site. The
ligands (Figs. 1 and 2) were docked into the receptor active
site, using the Lamarckian genetic docking algorithm of the
FastDock engine, implemented in CAChe WorkSystems Pro.
Because of the stochastic nature of the algorithm, repeated
docking cycles had to be performed to plot the energy land-
scape of protein:ligand interactions. Sixty copies were made
from each ligand; each of which was subjected to a docking.
The algorithm’s probability to find a good orientation of the
ligand in the binding pocket can be increased by re-docking
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Fig. 3 Validation docking of 1QKM with genistein. The partial antago-
nist genistein is docked into the ligand binding pocket of the ERβ (PDB
code 1QKM). Figure 4 shows the docked ligand (gray) and the ligand
of the crystal structure (black) at their absolute positions in the binding
pocket. The root mean square deviation between the two is calculated
to be 3.277 Å

the ligand from its docked position. An example of this is
shown with 17β-estradiol (E2β) (Fig. 6).

VII. Scoring
The PMF function [17] scores ligand orientations as they
are docked. The real-time PMF output is input into the
Lamarckian genetic algorithm. The complex with the best
PMF re-docking score was geometry optimized using molec-
ular mechanics (MM2) [8, 9] with a convergence threshold
of 0.0001 kcal/mol, and the orientation of the ligand in the
optimized protein:ligand structure was scored using the PMF
scoring function.

VIII. Evaluation
Two rankings were performed. Initially, all docked ligands
were ranked within a ligand subset according to the PMF
score of the docking (ranking model A). Then the ligands
were ranked according to the PMF score of the geometry
optimized protein:ligand structure (ranking model B). The
experimental RBAs of these ligands were obtained from the
primary literature [12–14]. The PMF scores were plotted
against the log10 of the experimental RBAs. The two ranking
models are hereafter referred to as model A and model B.

2.1 Docking with the Lamarckian genetic docking
algorithm

A GA is an optimization scheme that mimics the process of
evolution. The individuals of a generation are represented by
the configurations of a ligand in the search space. A fitness

Fig. 4 Validation docking of 1A52 with 17β-estradiol. The agonist
17β-estradiol is docked into the ligand binding pocket of the ERα (PDB
code 1A52). Figure 5 shows the docked ligand (gray) and the ligand
of the crystal structure (black) at their absolute positions in the binding
pocket. The root mean square deviation between the two is calculated
to be 0.2532 Å

Fig. 5 Validation docking of 1XQC with tetrahydroisoquinoline
(THIQ). The SERM tetrahydroisoquinoline is docked into the ligand
binding pocket of the ERα (PDB code 1XQC). Figure 6 shows the
docked ligand (gray) and the ligand of the crystal structure (black) at
their absolute positions in the binding pocket. The root mean square
deviation between the two is calculated to be 1.0078 Å

function is used to determine which individuals can repopu-
late. The selected offspring are used in the next iteration step
of optimizing the orientations.

In this algorithm, a chromosome is assigned to each
degree of freedom (translation, rotation, torsion) of a flexible
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Fig. 6 PMF scores from 60 dockings, sorted in ascending order, and
plotted for a diverse set of GA (genetic algorithm) parameters (docking
scores in grey, redocking scores in black). Redocking a ligand from
its optimized orientation results not only in a significant optimization
of protein:ligand interactions (lowering of the PMF score), but also
increases the overall reproducibility of the GA-based docking (flatten-
ing of the plotted curve). Roughly 25% of the re-docked ligands have a
more favorable energy as the best ab initio docking

ligand. The evolutionary docking process is started by creat-
ing a random population of chromosomes (random position
and random orientation of the ligand in the binding pocket).
As in Charles Darwin’s theory of evolution [16], each chro-
mosome is scored by evaluating the PMF for fitness. Only
the fittest (best orientations) are allowed to reproduce.

Several GA parameters, such as the population size, the
number of generations, crossover rate, elitism and mutation
rate, must be specified. These have to be applied in a manner
as to ensure a maximum variety of conformations, such that
a maximum number of local minima in the energy landscape
(and preferably the absolute minima as well) of ligand:recep-
tor interactions is searched in a minimal period of time.

The Lamarckian GA that is used by the FastDock com-
pute engine in CAChe WorkSystems Pro is implemented in
the program AutoDock [12]. In this specific GA, a minimiza-
tion is performed so that individual ligand orientations adapt
to the environment in which they are placed.

2.2 Scoring a ligand’s orientation with PMF

The PMF is a general, knowledge-based function, that ex-
ploits structural information of known protein:ligand com-
plexes, extracted from the RCSB PDB [7] and converts it
into distance-dependent Helmholtz-free interaction energies
of protein:ligand atom pairs [17]. In contrast to empirical
scoring functions, the PMF constitutes a deductive approach.
Given that the interactions between ligands and proteins are
based on very complex and numerous interactions of forces,
known protein:ligand structures (obtained from crystallogra-
phic and NMR measurements) are considered as the only
reliable source of information.

The PMF are derived from a statistical analysis of protein
and ligand atom occurrences at certain distances by using 697
protein:ligand complexes taken from the RCSB PDB [7]. Six-

teen protein atom types and 34 ligand atom types are defined,
resulting in 544 unique potentials.

The protein:ligand interaction-free energy PMF between
a protein atom of type i and a ligand atom of type j can be
calculated by equation 1 [17]

Ai j (r) = −kBT ln

[
f j
Vol_corr(r)

ρ
i j
seg(r)

ρ
i j
bulk

]
(1)

where kB is the Boltzmann constant, T is the absolute temper-
ature, and r is the atom pair distance. f j

Vol_corr(r) is a ligand
volume correction factor (since intra-ligand interactions are
not taken into account). ρi j

seg(r) is the number density of pairs
of type i j in a structural database that occur in a certain radius
range (indicated by seg). ρ

i j
bulk represents the distribution of

i and j when no interaction between i and j occurs.
The PMF score is calculated as the sum over all pro-

tein:ligand atom pair (kl) interaction-free energies Ai j (r) as
a function of the atom pair distance r , and

PMF_score =
∑

kl
i j

r<rcutoff

Ai j (r) (2)

r i j
cutoff is the cutoff radius for the atom type pair i j [17].

It is assumed that binding of a ligand to a protein is
non-covalent. Therefore, non-bonded terms are added to the
potential to keep atoms at typical non-bonded distance. The
standard PMF implementation uses AMBER van-der-Waals
potentials for this purpose [18]. The standard CAChe imple-
mentation uses specific 6–12 Lennard-Jones potentials for
each pairwise interaction [11].

3 Results and discussion

Both the PMF rankings, one prior to geometry optimiza-
tion (model A), and one after geometry optimization (model
B), were performed for each ligand subset and were then
compared to experimental RBAs which were determined by
competitive radiometric binding assays [12–14]. The RBA of
each ligand was calculated as the ratio of 17β-estradiol and
competitor required to reduce the specific radioligand bind-
ing by 50% (ratio of IC50 values). The PMF scores were plot-
ted against the log10 of the experimental RBAs and R2 values
were determined. The RBA predictability of each ranking
was calculated as the ratio between the number of correctly
ranked ligands and the total number of docked ligands.

3.1 1QKM docking

Six ligands were docked into the ligand binding pocket of the
ERβ (1QKM).

Ranking model A (Fig. 7) is compared to experimental
RBAs. Five out of six docked ligands are ranked in agreement
to the experimental data. Only the relative ranking order of
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Ranking Ligand Score [kcal/mol]
1  Dienestrol –10.269
2  DES –0.607
3  E2β 0.067
5  Androstenediol 54.107
4  E2α 15.628
6  Norethindrone 81.166

Virtual Ranking (1QKM) (ERβ) (model A)

Ranking Ligand RBA log10 RBA
1 Dienestrol 404 2.606
2 DES 295 2.470
3 E2β 100 2.000
4 Androstenediol 17 1.230
5 E2α 11 1.041
6 Norethindrone 0.01 –2.000

Experimental Ranking (ERβ)

Fig. 7 1QKM docking (model A)

androstenediol and 17α-estradiol (E2α) is in disagreement
with the experimental data. The resulting RBA predictability
for model A of this ligand subset is: 83.33%. Figure 7 dis-
plays the correlation between PMF scores and the log10 of
experimental RBAs (model A).

Ranking model B (Fig. 8) is also compared to exper-
imental RBAs. Four out of six docked ligands are ranked
in agreement with the experimental data. The relative rank-
ing order of E2β and dienestrol is in disagreement with the
experimental data. Diethylstilbestrol (DES) can be consid-
ered a false-negative and is therefore not taken into the linear
regression calculation (Fig. 8). Docking scoring approaches
used today tend to have a large number of false-positives and
false-negatives. The false-positives are compounds with high
scores but with no experimentally observable binding to the
protein. The false-negatives are compounds with low scores
but with high experimentally observable binding [19]. The
resulting RBA predictability for model B of this ligand sub-
set is: 66.67%. Figure 8 displays the correlation between the
PMF scores and the log10 of experimental RBAs (model B).

3.2 1A52 docking

Seven ligands were docked into the ligand binding pocket of
the ERα (1A52).

The ranking model A (Fig. 9) is compared to experimental
RBAs. Four of the seven docked ligands are ranked in agree-

ment with the experimental data. The relative ranking order of
DES and dienestrol, as well as that of E2β and E2α is in dis-
agreement to the experimental data. Genistein appears to be
a false-positive and is therefore not taken into the regression
calculation (Fig. 9) [19]. The resulting RBA predictability
for model A of this ligand subset is: 57.14%. Figure 9 dis-
plays the correlation between the PMF scores and the log10
of experimental RBAs (model A).

The ranking model B (Fig. 10) is compared to experi-
mental RBAs. Five of the seven docked ligands are ranked
in agreement with the experimental data. The relative rank-
ing order of androstenediol and E2α is in disagreement with
the experimental data. Norethindrone appears to be a false-
positive and is therefore not taken into the regression cal-
culation (Fig. 10) [19]. The resulting RBA predictability for
model B of this ligand subset is: 71.43%. Figure 10 displays
the correlation between PMF scores and the log10 of experi-
mental RBAs (model B).

3.3 1XQC docking

Five ligands were docked into the ligand binding pocket of
ERα (1XQC).

The ranking model A (Fig. 11) is compared to experimen-
tal RBAs. Four of the five docked ligands are ranked in agree-
ment with the experimental data. Fispemifene appears to be
a false-positive and is therefore not taken into the regression
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Ranking Ligand Score [kcal/mol]
2  Dienestrol –24.501
5  DES 8.999
1  E2β –31.139
3  Androstenediol –2.364
4  E2α 2.066
6  Norethindrone 22.496

Virtual Ranking (1QKM) (ERβ) (model A)

Ranking Ligand RBA log10 RBA
1 Dienestrol 404 2.606
2 DES 295 2.470
3 E2β 100 2.000
4 Androstenediol 17 1.230
5 E2α 11 1.041
6 Norethindrone 0.01 –2.000

Experimental Ranking (ERβ )

Fig. 8 1QKM docking (model B). DES is considered a false-negative and is therefore not taken into the regression calculation [19]

Fig. 9 1A52 Docking (model A). Genistein is considered a false-positive and is therefore not taken into the regression calculation [19]
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Ranking Ligand Score [kcal/mol]

2  DES –9.683

3  Dienestrol 0.712

4  E2β 23.940

6  E2α 248.688

5  Androstenediol 187.384

7  Genistein 296.389

1 �  Norethindrone –11.366

Virtual Ranking 1A52 (ERα) (model B)

Ranking Ligand RBA log10 RBA

1 DES 468 2.670

2 Dienestrol 223 2.348

3 E2β 100 2.000

4 E2α 58 1.763

5 Androstenediol 6 0.778

6 Genistein 5 0.699

7 Norethindrone 0.07 –1.155

Experimental Ranking (ERα)

Fig. 10 1A52 Docking (model B). Norethindrone is considered a false-positive and is therefore not taken into the regression calculation [19]
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Ranking Ligand Score [kcal/mol]

2  OHT –78.284

3  Raloxifene –77.453

4  Tamoxifen –76.389

1 �  Fispemifene –89.696

5  Ospemifene –73.112

Virtual Ranking (1XQC) (ERα) (model A)

Ranking Ligand RBA log10 RBA

1 OHT 178 2.250

2 Raloxifene 69 1.839

3 Tamoxifen 7 0.845

4 Fispemifene 1.10 0.041

5 Ospemifene 0.82 –0.086

Experimental Ranking (ERα)

Fig. 11 1XQC docking (model A). Fispemifene is considered a false-positive and is therefore not taken into the regression calculation [19]
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Ranking Ligand Score [kcal/mol]
2  OHT –64.526
4  Raloxifene –0.206
5  Tamoxifen 1.364
1   Fispemifene –28.122
3   Ospemifene –8.204

Virtual Ranking (1XQC) (ERα) (model B)

Ranking Ligand RBA log10 RBA
1 OHT 178 2.250
2 Raloxifene 69 1.839
3 Tamoxifen 7 0.845
4 Fispemifene 1.10 0.041
5 Ospemifene 0.82 –0.086

Experimental Ranking (ERα)

Fig. 12 1XQC docking (model B). Fispemifene and Ospemifene are considered to be false-positives and are therefore not taken into the regression
calculation [19]

calculation (Fig. 11) [19]. The resulting RBA predictability
for model A of this ligand subset is: 80.00%. Figure 11 dis-
plays the correlation between the PMF scores and the log10
of experimental RBAs (model A).

The ranking model B (Fig. 12) is compared to experi-
mental RBAs. Three of the five docked ligands are ranked in
agreement with the experimental data. Fispemifene and osp-
emifene are considered to be false-positives and are therefore
not taken into the regression calculation (Fig. 12) [19]. The
resulting RBA predictability for model B of this ligand sub-
set is: 60.00%. Figure 12 displays the correlation between the
PMF scores and the log10 of experimental RBAs (model B).

4 Quantitative stucture activity relationships (QSARs)

Interactions of docked ligands with residues of the ligand
binding pocket of the ER active site can be viewed at
http://www.theallenlab.org/ECCC10.html. Comparison of
the displayed figures shows that hydrogen bonds and steric
interferences are key elements in the process of ligand rec-
ognition at a receptor’s active site.

5 Conclusion

We have utilized the Lamarckian genetic docking algorithm
to produce viable orientations of a variety of ligands, the

scoring of which resulted in RBA predictabilities of 83.33
and 66.67% (1QKM docking model A and B, respectively),
57.14 and 71.43% (1A52 docking model A and B, respec-
tively) as well as 80 and 60% (1XQC docking model A and
B, respectively). In addition, R2 values, ranging from 0.55
to 0.93, indicate a strong correlation between the virtual and
experimental ranking.

This suggests the method presented here would be useful
for a potential application in structure-based drug design as
well as in the use as a pre-screening tool for the development
of novel estrogen receptor ligands.

References

1. Edwards BK, Howe HL, Ries LAG, Thun MJ, Rosenberg HM,
Yancik R, Wingo PA, Jemal A, Feigal EG (2002) Cancer 94:2766

2. Smith DF, Toft DO (1993) Mol Endocrinol 7:4
3. Shiau AK, Barstad D, Loria PM, Cheng L, Kushner PJ, Agard DA,

Greene GL (1998) Cell 95:927
4. Pike A, Brzozowski A, Hubbard R, Bonn T, Thorsell A-G, Eng-

strom O, Ljunggren J, Gustaffson J-A, Carlquist M (1999) EMBO
J 18(17):4608

5. Renaud J, Bischoff S, Buhl T, Floersheim P, Fournier B, Geiser
M, Halleux C, Kallen J, Keller H, Ramage P (2005) J Med Chem
48:364

6. Tanenbaum D, Wang Y, Williams S, Sigler P (1998) Proc Natl Acad
Sci USA 95:5998

7. Berman HM, Westbrook J, Feng Z, Gilliland G, Bhat TN, Weissig
H, Shindyalov IN, Bourne PE (2000) Nucleic Acids Res 28:235



314 G. Kiss, N.W. Allen

8. Allinger NL (1977) J Am Chem Soc 99:8127
9. Burkert U, Allinger NL (1982) Am Chem Soc Washington

10. Frisch MJ, Trucks GW, Schlegel HB, Scuseria GE, Robb MA,
Cheeseman JR, Montgomery Jr. JA, Vreven T, Kudin KN, Burant
JC, Millam JM, Iyengar SS, Tomasi J, Barone V, Mennucci B, Cos-
si M, Scalmani G, Rega N, Petersson GA, Nakatsuji H, Hada M,
Ehara M, Toyota K, Fukuda R, Hasegawa J, Ishida M, Nakajima
T, Honda Y, Kitao O, Nakai H, Klene M, Li X, Knox JE, Hratchian
HP, Cross JB, Bakken V, Adamo C, Jaramillo J, Gomperts R, Strat-
mann RE, Yazyev O, Austin AJ, Cammi R, Pomelli C, Ochterski
JW, Ayala PY, Morokuma K, Voth GA, Salvador P, Dannenberg JJ,
Zakrzewski VG, Dapprich S, Daniels AD, Strain MC, Farkas O,
Malick DK, Rabuck AD, Raghavachari K, Foresman JB, Ortiz JV,
Cui Q, Baboul AG, Clifford S, Cioslowski J, Stefanov BB, Liu G,
Liashenko A, Piskorz P, Komaromi I, Martin RL, Fox DJ, Keith T,
Al-Laham MA, Peng CY, Nanayakkara A, Challacombe M, Gill
PMW, Johnson B, Chen W, Wong MW, Gonzalez C, and Pople JA
(2004) Gaussian 03, Revision C.02, Gaussian, Inc., Wallingford

11. CAChe WorkSystem Pro 6.1.12, Fujitsu Systems Business of
America, Inc.

12. Morris G, Goodsell D, Halliday R, Huey R, Hart W, Belew R,
Olson A (1998) J Comput Chem 19:1639

13. Kuiper G, Shughrue P, Merchenthaler I, Gustafsson J-A (1998)
Frontiers in Neuroendocrinology 19:253

14. Wolohan P, Reichert D (2004) J Mol Graph Model 23:23
15. Savolainen-Peltonen H, Luoto N-M, Kangas L, Hãyry P (2004)

Molecular and cellular endocrinology 227:9
16. Darwin C (1872) The origin of species by means of natural selec-

tion, 6th edn. John Murray, London
17. Muegge I, Martin Y (1999) J Med Chem 42:791
18. Cornell W, Cieplak P, Bayly B, Gould I, Merz Jr. K, Ferguson D,

Spellmeyer D, Fox T, Caldwell J, Kollman P (1995) J Am Chem
Soc 117:5179

19. Muegge I, Rarey M (2001) In: Libkowitz KB, Boyd DB (eds) Rev
Comput Chem 17:1



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 600
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents suitable for reliable viewing and printing of business documents.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


